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Predicting gasoline consumption in Iran using deep learning

and classic methods of time series approaches
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Abstract

With the expansion of industries, population growth and development of the
transportation sector in the world, energy demand has increased sharply and today
plays a very important role in the economies of countries. Today, energy shortages
are a serious issue to achieve economic development, which is why demand
management is an attractive concern for countries and Gasoline forecasting is also
important as one of the economic variables for planning and managing gasoline
demand. In Iran, the transportation sector has a major share of energy consumption,
44/V percent of which belongs to gasoline. The increasing trend of gasoline
consumption in Iran, insufficient domestic production, significant growth of
gasoline imports in recent years show the incremental importance of managing
gasoline consumption in Iran, so, predicting the consumption process as accurately
as possible can be very useful in achieving this. This study predicts gasoline
consumption using monthly data by comparing the efficiency of three methods,
neural networks with long short-term memory, recursive self-organizing maps, and
the traditional method of seasonal autoregressive moving average. The results

indicate that the use of 12-month time-frequency for data training had more accurate

« Department of Economics, Qazvin Branch, Islamic Azad University, Qazvin, Iran (Corresponding
Author), nedabbayat@gmail.com

« Master of Mathematical Statistics, University of Allameh Tabataba’i, ali.rezaei7091@yahoo.com

Date received: 30/05/2020, Date of acceptance: 09/09/2020

Copyright © 2010, IHCS (Institute for Humanities and Cultural Studies). This is an Open Access
article. This work is licensed under the Creative Commons Attribution 4.0 International License.
To view a copy of this license, visit http://creativecommons.org/licenses/by/4.0/ or send a letter to
Creative Commons, PO Box 1866, Mountain View, CA 94042, USA.



VP Bl 5 ole ) Syled A Sl (O bt oo oy 0

results compared to other data frequencies, and the deep learning method of
networks with long-term short-term memory was more efficient than the other two

methods.

Keywords: Gasoline Consumption Predicting, Deep Learning, Long Short-Term

memory, Recurrent Self-Organizing Map
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